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NCE vs MLE: what it typically looks like
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Theorem 1 (Optimality). Under assumptions 1 and 2, 6 € argmax, Jyc(0) if and only if py = p*.

We first need to highlight the key insight that Hy(k, t, I([]O,t)) in equation (20) is the negative cross-
entropy between the following two discrete distributions over {@, 1,...,K}:
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